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BEVFusion: A Simple and Robust 
LiDAR-Camera Fusion Framework
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Difficult to regress 

3D bounding boxes

Difficult to classify 

objects

Camera-only:  
lack of depth information

LiDAR-only:  
lack of semantic information
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LiDAR-Camera Fusion

Fusion



Challenges of Fusing Camera & LiDAR
Current LiDAR-Camera Fusion methods depend highly on the point cloud of the LiDAR sensor
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• Both modalities work 
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Methods
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Experiments
Generalization

On nuScenes validation set, BEVFusion boosts single modality streams by 
3.0%-18.4%mAP over three popular methods. 



Experiments
Robustness

• Under limited Field-of-View (FOV) , BEVFusion improves its LiDAR stream by 
a large margin by 18.6-25.1% mAP.


•



Experiments
Robustness

• Under camera malfunctions, BEVFusion outperforms camera-only and other 
LiDAR-camera fusion methods. 



Experiments
Comparison with SOTA



Conclusion: LiDAR-Camera Fusion 

• Limitation of previous methods


• Dependency of LiDAR inputs


• Our BEVFusion


• Disentangle LiDAR / camera modality into two independent streams 


• Good generalization ability


• Effective and robust
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